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Cancer genomes are altered by various mutational processes and, like palimpsests, bear the signatures of these different processes.
Mutational signature analysis is a powerful approach to decipher the origin of somatic mutations in cancer [1].
The Palimpsest R package [2] allows to integrate mutational signature and clonality analyses in order to reconstruct the natural history of a tumor.

Cancer genomes bear the signatures of different mutational processes
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Palimpsest package: extracting signatures of known and new mutational processes
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Contribution of mutational signatures

For each variant in each sample: : to driver mutations in liver tumors [5]
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Comparison of mutational processes between clonal and subclonal mutations: Corresponding Authors: TZ. Hirsch (theo.hirsch@inserm.fr); E. Letouzé (eric.letouze@inserm.fr)
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